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Research on stock forecasting based on multi-view stock features

LiJinxuan, Du Junping”, Xue Zhe
(Beijing Key Laboratory of Intelligent Telecommunication Software and Multimedia, School of Computer Science,

Beijing University of Posts and Telecommunications, 100876, Beijing,, China)

Abstract: Stock price forecasting is an important research content in financial industry, and it is very important for investment
institutions to analyze the stock price trend more accurately. At present, there are relatively few researches on the automatic
forecasting of stock price development, and many problems need to be solved. Among them, the perspective of traditional
stock forecasting methods is single so that we can't fully consider the importance of each feature and the main features of the
data. In this paper, we propose a stock forecasting method based on multi-view stock features. By calculating the Ma, Macd,
Kdj, Boll feature indexes of stock data, we train the weak learners under each index, and carry out the integrated learning of
multiple weak learners. Finally, the stock price trend is predicted. The stock news data set of the United States is used for
verification. The experimental results show that the average error and the mean square error between the stock price and the
actual price predicted by the stock forecast method based on multi-view stock features are 1.9321 and 0.0581, respectively. It
is superior to traditional stock forecast results based on a single index.
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Fig. 2 The error between the seven days forecast average

value and the real value of stocks by three methods
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Fig.3 The error between the predicted average value and the real value of four indexes of stock by three methods
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