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An unsupervised user alignment method based on

user structure and attribute

Yu Dongming, LLi Yuan, Li Zhixing, Wang Guoyin"
(Chongqing Key Laboratory of Computational Intelligence , Chongqing University of Posts and Telecommunications,
Chongqing,400065, China)

Abstract: With the fast development of Internet applications, it's common for someone to have accounts on different social
network platforms. How to find out which account on multiple social networks are of the same person is an important issue for
many applications today, which is also known as the user alignment problem. There are two major challenges when it comes
to user alignment. First, it's extremely expensive to collect manually aligned user pairs as training data, but traditional
supervised methods often need a large amount of labeled data to achieve better results. Second, users on different networks
often have different structures and attributes, which further increase the difficulty of user alignment. We propose an
unsupervised user alignment method SPUAL (Soft Principle for User Alignment), design a novel soft alignment principle
based on user attributes and structure, and then infer whether the user alignment is correct or not by calculating whether the
users meet to the principles by unsupervised method. Experiments on several common datasets show that the performance of
our method 1s much better than the most advanced unsupervised methods.
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Fig. 1 An illustration of alignment consistency
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Table 3 Accuracy of different algorithms on different

datasets

Flickr- Flickr- ACM-

Methods Douban

Lastfm  Myspace DBLP
Regal 0.01 0.01 0 0.003
IsoRank 0.4 0. 36 0.07 0.21
NetAlign 0.43 0.45 0.01 0.03
UniAlign 0.1 0.03 0.01 0.01
Klau's

. 0.38 0.4 0.07 0.12

Algorithm
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ferent parameters
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